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Abstract

Generative Al and autonomous Al agents are reshaping both the legal employment relationship and the broader social
contract between employers and employees. This contract reflects society’s shared expectations about what employers and
employees owe each other, including how value is created and distributed and who has authority and accountability for
various activities. Unlike prior waves of automation that primarily affected routine tasks, generative Al now touches high-
wage, high-status “knowledge” work, altering how expertise is recognized, how decisions are made, and how relationships
are formed at work. This paper examines the historical foundations of technological change and employment relations,
highlighting how generative Al intensifies existing trends while also introducing new dynamics across six key domains: (1)
the role of employee judgment and authority, (2) the value of employee expertise and human-created data, (3) appropriate
organizational control and employee autonomy, (4) the nature of work relationships, particularly in the context of Al agents,
(5) responsibility for reskilling and career development, and (6) worker collective power. By examining these changing
domains, organizational scholars can help explain how generative Al and Al agents are fundamentally altering the social
contract of modern employment.

Keywords Generative Al - Al agents - Employment relations - Social contract

Introduction A brief history of employment relations
and technological change

The rise of generative Al and autonomous Al agents marks

a transformative shift in the nature of work, employment
relations, and the broader social contract between employers
and employees. These technologies go beyond automating
routine tasks, fundamentally reshaping high-wage cognitive
work, altering expectations around skill development, and
introducing new dynamics of control and collaboration. This
review article examines the foundations and evolving nature
of the employment relationship and social contract and then
defines a research agenda to explore the changes brought
about by generative Al and autonomous agents.
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Technology has long been a fundamental driver of work,
serving as both the means of production and the framework
for how tasks are accomplished. Technological change has
consistently reshaped the employer—employee relationship
in the United States, influencing the nature of work, employ-
ment categories, power dynamics, and legal protections.
These shifts illustrate the ongoing challenge of aligning
emerging technologies and work practices with established
legal frameworks. Legal scholars analyze these changes
through the lens of laws, regulations, and contractual agree-
ments that govern the rights, duties, and responsibilities of
both parties. Historically, major technological shifts have
precipitated profound changes in employment relationships.

During the early industrialization of the 1800s, the
transition from agrarian to industrial work introduced
technologies like the factory system and power looms,
revolutionizing production processes and creating a dis-
tinct class of wage-earning employees with interests sepa-
rate from their employers (De Vries 1994; Hopkins 1982;
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Stearns 2020). The modal worker shifted from a craftsman
in small, home-based settings to a factory laborer in cen-
tralized production facilities, marking the rise of the wage
labor system (Lauck 1929). These changes brought new
challenges, such as exploitative child labor and frequent
industrial accidents, prompting legislative responses like
child labor laws and the workers’ compensation movement
(Dau-Schmidt 2017; Stearns 2014). Together, these devel-
opments established the foundation of the modern employ-
ment relationship, characterized by workers’ dependence
on employers for wages and job security and firms’ reli-
ance on a stable, skilled workforce.

The next significant era of technological change was
characterized by mechanization, automation, and the rise
of the knowledge economy, spanning the late nineteenth
and twentieth centuries. The advent of electricity and
assembly line production revolutionized mass produc-
tion, increasing efficiency but also concentrating work-
ers in factories. This shift fostered the growth of labor
unions and led to key legal developments such as the
National Labor Relations Act (1935), which guaranteed
the right to unionize, and the Fair Labor Standards Act
(1938), which established minimum wage and overtime
protections. The post-war period saw the rise of automa-
tion and white-collar work driven by early computers and
automated systems, creating demand for educated workers
and prompting laws like the GI Bill to expand access to
higher education. This era also exposed systemic inequi-
ties, leading to landmark anti-discrimination laws such as
the Civil Rights Act (1964) and the Americans with Dis-
abilities Act (1990).

The emergence of the digital economy in the early
twenty-first century accelerated these trends and further
transformed the employment relationship. The prolifera-
tion of computers and the internet reshaped the global labor
market by enhancing communication and information pro-
cessing, enabling greater access to opportunities but also
increasing competition. Digitization fundamentally altered
the employment relationship by amplifying employer power,
fragmenting long-term jobs into short-term or gig-based
roles, and replacing personal interactions with algorithmic
and automated hiring processes. Platforms like Uber and
Upwork blurred the line between employees and independ-
ent contractors, sparking legal debates over worker classifi-
cation and benefits. These platforms exposed gaps in tradi-
tional labor protections, as gig workers often lacked access
to minimum wage guarantees, health benefits, or unemploy-
ment insurance, prompting legislative responses like Califor-
nia's Assembly Bill 5 and its amendments. Simultaneously,
the rise of workplace surveillance tools raised significant
concerns about employee privacy, leading to regulatory
interventions such as the Electronic Communications Pri-
vacy Act (1986) and the EU's GDPR.
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Social contracts and psychological contracts
in the employer/employee relationship

Organizational scholars examining the employer—employee
relationship adopt a more expansive perspective, viewing
employment relations not only through legal definitions
but also as a social and psychological contract. Unlike
formal legal contracts, which outline specific terms and
conditions (e.g., wages, benefits, protections), the social
contract encompasses broader and often unwritten under-
standings about what each party owes the other in terms
of responsibilities, rights, and rewards. It reflects soci-
etal norms, cultural values, and historical contexts, which
shape how work is organized and the reciprocal expec-
tations between employers and employees. (Baker et al.
2002; Baron & Kreps 2013; DiMaggio 2001; Suchman
2003). The related concept of a psychological contract
refers to individual perceptions and subjective beliefs
held by employees and employers about the terms of their
mutual exchange, including expectations of fairness and
procedural justice, loyalty and trust, and reciprocity that
are not explicitly articulated but significantly influence
workplace dynamics (e.g., Morrison & Robinson 1997;
Robinson et al. 1994; Rousseau & Tijoriwala 1998).

Technological change also influences the social and
psychological contracts in the employer—employee rela-
tionship. For one, the digitization of the labor market has
driven a shift toward flexible yet fragmented work arrange-
ments, including the gig economy and the increasing use of
contract workers, even by large tech firms (Endacott et al.
2024; Kunda et al. 2002; Rousseau 2006). This shift has
reduced the expectation of long-term employer—employee
relationships, as full-time employment becomes less com-
mon, and assumptions grow that workers will move fre-
quently between firms. Related organizing models, such as
flash teams—temporary groups that rapidly form and dis-
band around specific projects—exemplify the transactional
and short-term nature of digital labor markets (Retelny
et al. 2014; Valentine & Bernstein 2025; Valentine et al.
2017).

As a result, career development and skill acquisition
are no longer rooted in the relational framework of full-
time employment and long-term employer investment
in worker growth (Cappelli 1999; Hoffman et al. 2013).
Workers are increasingly expected to upskill indepen-
dently to keep pace with technological advancements, as
organizations have scaled back formal training programs.
This shift played out with significant skill polarization
due to digitization in the 1990s and 2000s saw, with high-
skill workers benefiting compared to middle- and low-skill
workers (Autor et al. 2003; Penn et al. 1994). High-skill
roles in IT, engineering, and management were prioritized
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for reskilling programs and offered training in digital tools,
programming, and enterprise systems, as these positions
were deemed critical to innovation and competitive advan-
tage. Lower-skill workers were less likely to benefit from
reskilling opportunities, either because their roles were
considered less critical to business strategy or because
training programs were less accessible to them. The shift
toward individualized learning and fragmented career
pathways is even more pronounced in the gig economy,
where workers face intensified pressures to manage skill
development, job security, and career advancement inde-
pendently (O'Mahony and Bechky 2006).

Overall, digital labor markets exemplify a key shift to
a three-party employment model involving platform com-
panies, client managers, and contractors (Vallas and Schor
2020). Client managers who are typically informal and
unpaid lack the relational commitment and accountability
expected in traditional full-time employment relationships
(Rahman and Valentine 2020). Online labor markets and
gig-based platforms also tend to rely on technical tools to
solve problems introduced by the remote work and con-
tingent work arrangements, for example using algorith-
mic ratings (Horton 2010; Lix 2021). In general, these
tools illustrate the changing expectations about appropri-
ate organizational control (Sitkin et al. 2010). Algorithmic
technologies have intensified surveillance and rationalized
control mechanisms, enabling managers to direct, evaluate,
and discipline workers with greater precision and immediacy
(Kellogg et al. 2020). At the same time, these technologies
have led to resistance where employees push back against
the encroachment of algorithmic control systems on their
autonomy (Cameron & Rahman 2022; Kessinger & Kel-
logg 2019).

Finally, the so-called remote work revolution is another
example where the social contract changed as the technolo-
gies of work changed; many companies and employees are
facing changed (though not fully aligned) expectations about
where and how work is done (Mortensen 2023). This shift
is also implicating established status hierarchies and norms
around intergroup communication and conflict (Hinds et al.
2025; Hu et al. 2021; Rhymer 2018), including questions of
what employees owe employers and what they are owed in
terms of flexibility and support (Countouris and De Stefano
2023; Voigtman 2024).

How generative Al changes employment
relations and the social contract

In the context of these changing employment relations
and the evolving social contract, organizational scholars
now confront a novel class of technologies: generative Al
and agentic Al systems. What makes these technologies

distinctive is their ability to perform higher-order cognitive
functions that were once the exclusive domain of skilled
human workers. Large language models (LLMs) can now
generate strategy memos, summarize legal documents,
write code, and simulate interpersonal communication
with surprising fluency. Agentic systems go further, using
these capabilities to act autonomously by initiating tasks,
making decisions, and coordinating actions across digital
environments.

These Al tools seem to operate as functional equivalents
to human expertise in ways that destabilize longstanding
assumptions about judgment, authorship, ownership, and
responsibility in the social contract that governs knowledge
work. As these systems become embedded in organizational
workflows, they streamline operations and reshape expecta-
tions about who is needed, what counts as valuable work,
and how value and accountability are distributed across
employees and Al tools. We propose six critical domains in
the social contract between employers and employees that
will likely be transformed, as generative Al both intensifies
existing trends and introduces new tensions in: (1) the role of
employee judgment and authority, (2) the value of employee
expertise and human-created data, (3) appropriate organi-
zational control and employee autonomy, (4) the nature of
work relationships, particularly in the context of Al agents,
(5) responsibility for reskilling and career development, and
(6) sources of worker collective power. Table 1 summarizes
the discussion below.

The role of employee judgment and authority

Like earlier forms of automation, generative Al technologies
such as large language models (LLMs) tend to operate at
the task level rather than eliminating entire jobs (Acemoglu
2024; Das et al. 2020). However, unlike prior automation
trends, which predominantly affected routine tasks in low-
wage jobs (Autor and Dorn 2013), preliminary evidence
suggests that generative Al is automating high-wage, high-
status knowledge work (Eloundou et al. 2024; Kogan et al.
2023; Wilmers 2024). In such knowledge work, judgment,
discretion, and authorship have traditionally been the basis
for employee authority and advancement. Employees’ ability
to exercise expert judgment has been foundational to their
authority and to the reciprocal commitments they received
from employers, for example their work to synthesize com-
plex information, make decisions under uncertainty, and
create high-value content (Abbott 1991; Anteby et al. 2016;
Highhouse et al. 2014). This capacity has shaped expecta-
tions in the social and psychological contract: those who
demonstrate sound judgment will earn employer trust, mana-
gerial discretion, and long-term investment. Generative Al
tools can now simulate core outputs of expert judgment at
a level that challenges prior notions of what only humans
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could do (Alavi and Westerman 2023). As a consequence
of Al tools producing similar expert judgements and deliv-
erables, the basis for authority may shift (Lustig et al. 2016).

As these tools become embedded in organizational work-
flows, they challenge the assumption that valuable contribu-
tions will be created by human employees. This shift threat-
ens to destabilize human expertise as the basis of recognition
and decision rights (Ali et al. 2024; Grossman et al. 2023).
It also complicates accountability, as organizations grapple
with who is responsible when machine-generated judgments
shape outcomes (Bagenal et al. 2024; Elliott and Macca-
rthaigh 2025; Lustig et al. 2016). The result is a blurring of
fundamental tenets of how authority and responsibility have
traditionally been distributed in firms. Longstanding expec-
tations are destabilized: if human judgment is no longer the
primary value that employees contribute, what do organi-
zations owe them in return? Discretion, advancement, and
professional trust, which were tied to individual expertise
may be reconfigured (Haddadin 2025). Understanding how
authority is renegotiated in human—AI workflows will be
critical for reimagining fair and functional employment rela-
tionships in the era of generative Al (Daugherty & Wilson
2024).

The value of employee expertise
and human-created data

A second domain in the changing social contract relates to
the value of employee expertise and their creation of data.
This change relates in part to the fact that generative Al
uses types of data that were not traditionally analyzed or uti-
lized in similar ways before. Unstructured text data, such as
books, articles, emails, social media posts, and transcripts,
are now used to train models. Additionally, generative Al
incorporates social media interactions and multimodal data,
including video and audio. The widespread use of new data
sources by generative Al is reshaping expectations and legal
frameworks around data ownership in significant ways. As
an example, publishers are suing OpenAl for damages, argu-
ing that ChatGPT’s dataset includes millions of copyrighted
articles from news organizations used without consent or
payment, constituting massive copyright infringement
(Allyn 2025). Lawsuits like this question whether Al train-
ing constitutes fair use.

Similar questions around data ownership and use in
generative Al are emerging within organizations and will
reshape the employment relationship and social contract.
Organizations increasingly explore training Al on their
internal proprietary datasets to create domain-specific tools
(Davenport and Diwari 2024). These proprietary datasets
are often created by employees creating internal documents
of various kinds; employees’ natural language products cre-
ated in the course of their work (e.g., Slack messages, email,

communication logs) did not hold the same kind of value as
they do now as inputs to companies’ training data for cus-
tom Al models (Alavi and Leidner 2001; Jarrahi et al. 2023;
Nakash and Bolisani 2025). This tension, where domain
experts’ knowledge may be used to replace them or at least
some of their tasks, is well-known (e.g., Bailey and Barley
2020; McCue 2015), but generative Al changes the dynamic
by including new kinds of data that have not yet been subject
to this renegotiation of value and ownership and employee
privacy. Some scholars argue that this tension could poten-
tially be mitigated through 'pro-worker AL' which empha-
sizes integrating Al to enhance decision-making rather than
replacing rather than employers extracting knowledge and
expertise and then replacing it (Acemoglu et al. 2023; Autor
2024).

The nature of work relationships, particularly
in the context of Al agents

Another potential change in the social contract relates to
ways that generative Al can further automate and digitize
the labor market, offering capabilities that reduce some of
the transaction costs in searching, contracting, hiring, and
managing workers (Valentine & Bernstein 2025). Genera-
tive Al technologies can automate the extensive aspects of
the labor market that rely on natural language, for exam-
ple matching job requirements with resume screening, or
even conducting initial interviews and onboarding using
Al agents (e.g., Fleif} et al. 2024; Mozannar et al. 2024;
Broek et al. 2021). Economic theories classically predict
that lower labor transaction costs are likely to lead to more
market-based employment models, which will challenge the
existing policy landscape and social contract (Davis 2016;
Davis and Sinha 2021; Vallas and Kovalainen 2019). Addi-
tionally, generative Al enables finer-grained decomposition
of jobs into discrete, automatable tasks, contributing to what
scholars call the ‘taskification’ of labor. This trend, long
associated with gig platforms, can now reach into formerly
stable white-collar work (Davis and Sinha 2021).

Another major change in the nature of work relationships
involves new ways that people will be expected to interact
with Al agents. Unlike predictive or generative Al, autono-
mous agents perform tasks independently, make decisions,
and even negotiate. These agents offer “intelligent, scalable
digital labor that performs tasks autonomously. Instead of
waiting for human input, agents can analyze information,
make decisions, and take action independently, adapting and
learning as they go” (Bennioff 2024, pg. 1. Note Bennioff is
the CEO of Salesforce which developed the set of Al agents
called 'agentforce' referenced in the title). However, the inte-
gration of Al agents into the workplace poses significant
technical and social challenges. Agents often struggle with
compounding errors, inaccuracies, and hallucinations. To

@ Springer
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address these issues, researchers are exploring methods to
combine the "inexpensive" general data powering large lan-
guage models (LLMs) with trusted, verified (“expensive”)
expert data sources—whether human or algorithmic—to
ground interactions more effectively (e.g., Gligori¢ et al.
2024; Zrnic and Candeés 2024). Related research is also
focused on optimizing the relationships between agents,
including systems of agent collaboration and the role of
"agent managers" (e.g., Fourney et al. 2024; Hong et al.
2023; Qian et al. 2023; Wu et al. 2024), as well as the
dynamics between agents and humans (e.g., Ashktorab et al.
2021; Canas 2022; Kim and Im 2023; Zhou et al. 2024).

These research efforts highlight how closely the human
workforce may be expected to work with an agent work-
force. Workers may need to acquire new skills, such as
crafting effective prompts, editing outputs, and supervising
Al-generated work, fundamentally reshaping their roles.
Rather than performing tasks from scratch, human work-
ers might increasingly oversee and refine Al-generated out-
puts, blurring the lines between traditional work and data/
Al oversight. These evolving dynamics could also influence
workplace relationships and social interactions in ways that
will need considerable future research (Einola and Khoreva
2023; Jorge et al. 2022; Ulfert et al. 2024). Jorge et al. (2024)
argues that a better understanding of how human—AlI teams
function is needed, especially the main mechanisms that
support collaboration, such as trust. Some scholars caution
that widespread reliance on Al agents could reduce social
interactions between colleagues, creating a "self-sufficiency
spiral" that undermines collaboration, solidarity, and organi-
zational culture (Gonzalez 2024). The current social contract
was developed through social interactions between humans
with known role relationships (e.g., manager, teammate);
more needs to be understood about how these expectations
about mutual obligations change when AI agents become
active participants in the workplace.

Appropriate organizational control and employee
autonomy

Beyond the transactions that structure digital labor markets,
generative Al’s additional data and analytical capabilities
can also increase algorithmic management. Prior algorith-
mic systems leveraged big data and real-time analytics to
be far more comprehensive, instantaneous, interactive, and
opaque in their control capabilities (Kellogg et al. 2020).
Such all-encompassing monitoring and rapid, data-driven
feedback loops could be configured to set up an unprec-
edented degree of organizational oversight, sometimes with-
out human supervision. Generative Al tools largely intensify
existing control patterns. Studies across industries suggest
that generative Al is reinforcing trends like constant surveil-
lance and metric-driven oversight. For example, generative

@ Springer

Al can extend existing surveillance practices; in customer
service call centers that already had pervasive monitoring,
Al now adds a layer of interpretation and real-time guidance,
scrutinizing not just what workers do but how they inter-
act (tone, wording, emotional cues) (Nguyen and Mateescu
2024). Generative Al technologies can also be used to aggre-
gate disparate data about employees and output summaries
of their activities, assess their behavior, or produce perfor-
mance evaluations (Zielinksi 2023). These tools may play a
key role in standardizing and scaling “personalized” man-
agement interactions by interactively offering customized
feedback, support or discipline (e.g., Almansour and Althaid
2024; Leong et al. 2024). Research is beginning to docu-
ment the experiences of employees who work extensively
with AI systems (Yi et al. 2024; Yu and Qi 2024). More
research is needed, but as an example, a 2025 study found
that routine collaboration with generative Al increased some
workers’ feelings of alienation (Hai et al. 2025).Workers and
employers will need to create new social and psychological
contracts in this contested terrain where generative Al can
create workers augmentation but can also create alienation
through intensified surveillance and control.

Responsibility for reskilling and career development

Another domain where generative Al is destabilizing the
social contract relates to ways that generative Al is chang-
ing expected skills and expected reskilling processes (Jesu-
thasan and Kapilashrami 2024). Generative Al intensifies
the expectation that workers will independently acquire and
refine skills (Christensen et al. 2024; Delaney 2024). This
shift is driven by the rapid pace of Al development and the
increasing availability of user-friendly Al tools, which make
self-directed learning more accessible but also more neces-
sary. The skills in demand are evolving as generative Al
automates routine cognitive tasks, such as writing, summa-
rizing, and coding. Workers are now expected to develop
hybrid capabilities, combining domain expertise with pro-
ficiency in using Al tools; skills like prompt engineering,
the ability to critically evaluate Al-generated outputs, and
knowledge of data governance are becoming crucial (Dav-
enport and Diwari 2024; Davenport et al. 2023; Larson et al.
2024). And yet, critically, these reskilling demands are again
outside established pathways for social learning and career
development, as experts use generative Al on tasks for which
they may have previously relied on apprentices or novices
(Beane 2019, 2024; Beane & Anthony 2024).

Worker collective power
The parties in an employment relationship have different

sources of power that shift as technologies change (e.g.,
Cornfield 2013; Molinder et al. 2021). Historically, worker
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power has stemmed from control over specialized knowl-
edge, scarcity of skill, or collective capacity to organize or
to disrupt production. But as generative Al systems begin
to simulate core outputs of judgment, creativity, and deci-
sion-making, these traditional foundations may change. At
the same time, new claims for worker power are emerging.
Unions and worker coalitions are also beginning to nego-
tiate over Al implementation and algorithmic governance,
not only to defend existing jobs but to define the conditions
under which technology enhances rather than degrades work
(Kochan et al. 2024; Spektor et al. 2023). Early agreements
in sectors like entertainment and education signal that gen-
erative Al can be a site of negotiated control (e.g., Ananny
& Karr 2025; Kelley 2023). Whether this potential is real-
ized will depend on societal support and workers’ ability
to organize around the strategic levers of Al deployment
(Kochan et al. 2024; Wilmers 2024).

Taken together, these critical changes compel schol-
ars and policymakers to reconsider the foundations of the
employment relationship and to develop new frameworks
that reflect the realities of work in the era of generative Al.
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